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Robust value
rval(c) = lim ir)'n(f sup Payoff(Play(c, x, ¢))

¢ ¢
6>0 d-robust s ob et

Deterministic value
Min can always choose ('5“, a)
dVal(fo,0) = —10

Conservative robust value

Min has no interest to reach ¢4 Min has no interest to reach two

rval(¢p,0) =0 times ¢4
rval(¢4,0) = —1
(60, ) 0.5, b i(g1’ ) 0.5-24, a (fo, ) M} ?i(©’ )
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